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Dataset: A Duke Health System dataset consisting of 
multimodal EHR data collected during encounter stays 

from 2015–2020, with at least two of the following 
criteria met: i) CT head scan in the ED, ii) TBI-related 

chief complaint, iii) TBI diagnosis.
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Q: Does personalized 
RWE as context improve 
outcome prediction? 

A: Yes! Furthermore, 
random patients as 
context harms the 
classification 
performance. 
Selecting the right 
context is important!  
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Q: How do guidelines 
compare to RWE, as 
context, in 
predicting outcomes?  

A: RWE as context, 
represents more real 
world outcomes while 
guidelines tends to 
over admit patients 
to the hospital  
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Q: How does RWE as 
context affect 
reasoning?  

Clinical 
Judgement

A: Interestingly, RWE 
can actually hurt 
reasoning, language 
models may incorrectly 
link similar patients, 
producing 
hallucinations.
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Fun Fact: RWE holds true temporally within an encounter, but the similar patients at each time point vary significantly* 
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Q: Is personalized 
RWE dependent on the 
outcome and robust 
to language models? 
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A: RWE tends to be 
outcome specific 
and is robust to a 
variety of language 
models +0.00
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Q: How can RWE help support information needs of patients and caregivers when in the Emergency Department?*

Develop a taxonomy of 
information needs in 

the ED
CHI 2026 Workshop

Design a personalized RWE-
based answer engine to 

support information needs

Evaluate answer engine 
with existing sources of 

information needs

Conduct User Studies to 
study its effectiveness in 

practice
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