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" "[hypothetically] if we have €‘this’
demographic [and] ‘this’ insurance,
based on ‘this’ level of alertness
and ‘“this’ outcome measure —

.......................................................................................................................................................................................

~ “I am sure that there are patterns there
that, I am blind to... I think it would be
amazing to have a system that can actually

use that data in real time and tell me

. - . [physical therapists] should try to
[if, f?r a .spec1f1c pajc1ent, I] need to be see this person 3 times a week at
.. targeting different things.”
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